Background: The location quotient (LQ) ratio, a measure designed to quantify and benchmark the degree of relative concentration of an activity in the analysis of area localization, has received considerable attention in the geographic and economics literature. This index can also naturally be applied in the context of population health to quantify and compare health outcomes across spatial domains. However, one commonly observed limitation of LQ is its widespread use as only a point estimate without an accompanying confidence interval.
Background
Effects in comparative analysis are commonly expressed as ratios. One such example is the Location Quotient (LQ), a ratio statistic widely used by geographers, economists and regional planners to measure the degree of relative concentration of an activity on a map [1, 2] . The LQ, which is sometimes referred to as concentration ratio, allows the comparison of an area's share of a specific activ-ity with the share of a base aggregate. Furthermore, LQ can produce a rough benchmark in the analysis of localization in an area [3] .
In general, statistical inference is more complicated for a ratio of parameters than measures that are expressed as linear combinations. In epidemiological studies, for example, association of risk factors with occurrence of disease in a given study population can be quantified using absolute measures such as the risk difference or by applying relative measures such as the relative risk or odds ratio [4] . Both the relative risk and the odds ratio require more caution from an inferential point of view than the simple risk difference. One of the difficulties in dealing with ratios arises in computing variance estimators.
Despite its popularity as a relative measure, the location quotient is often interpreted and reported primarily as a point estimate without an accompanying measure of precision. However, statistical reasoning and any inferential conclusion one may draw from a sample statistics should reflect uncertainty inherent in the estimation procedure, and appropriate methods that allow proper interpretation of study findings should be used. One way of proper analysis is to construct confidence limits around the sample estimates.
The objective of this paper is to present a number of alternative approaches that can be used to construct confidence limits for measures involving ratios quantities in general and the location quotient in particular.
Methods
A location quotient is a way of measuring the relative contribution of one specific area to the whole for a given outcome. Let x i and n i denote the outcome and population size of the i th area, respectively. Similarly, let x = ∑x i and n = ∑n i be the outcome and population size of the whole, respectively. The location quotient for the i th area is defined as Depending upon the health outcome under study, the random variables in equation (1) may have different scales of measurements including continuous, binary or counts.
The interpretation of the LQ is as follows: (1) LQ i = 1 which indicates that the outcome in the specific region is at the same level as the aggregate, (2) LQ i > 1 indicating that the specific region is at a level greater than expected, and (3) LQ i < 1 which would indicate that the regional measure is at a level that is less than expected.
To fix notations, suppose interest lies in making inference about a ratio parameter . In this paper, our focus is on confidence interval estimation of θ. Let be an estimate of θ, where the mean parameters for the estimates are given by E( ) = α and E( ) = β, respectively. Furthermore, let the estimated variance-covariance matrix of the estimators ( , ) be given by where V 11 and V 22 represent the variance of and , respectively, and V 12 = V 21 denote the covariance between and .
For the location quotient described in equation (1), , .
It can easily be shown that where the parameter p i denotes the true incidence rate in the i th area [5] .
Using the notation introduced above, we now describe three analytical and computational approaches that can be used to construct confidence intervals for ratio parameters, namely: (1) Delta method (2) Fieller's method and (3) profile-likelihood based interval on generalized linear model (GLM) technique.
The delta method
The delta method is a classic technique in statistics that is based on a truncated Taylor series expansion [6] . According to the delta method, the variance of is estimated by 
For sufficiently large sample size, one may assume that has a Gaussian distribution with mean θ and variance σ 2 from which a (1 -α)% delta-method based confidence interval can be obtained as where z α/2 is the (1 -α/2)% quintile of the standard normal distribution (for instance, for a 95% confidence interval α = 0.05 and z α/2 = 1.96) and is the square-root of the expression in equation (3) .
The Fieller method
Fieller [7] introduced a novel way of expressing ratios as linear combination of random variables which made computation of confidence intervals of ratios relatively simple.
The justification for Fieller's method proceeds as follows. A (1 -α)% Fieller confidence interval is then obtained by finding the set of θ values satisfying the inequality Equation (6) is a quadratic function in the parameter of interest θ and solving for θ leads to the confidence limits where .
Both the delta method and Fieller's approach are quite generic and have been used in a wide range of applications [8] [9] [10] . The implementation of these two approaches (using equations (4) and (7) respectively neither require sophisticated programming nor specialized software.
Generalized linear modelling
A model that is widely applicable in a number of different distributional scenarios is generalized linear model (GLM) [11] . Among others, the normal, binomial and Poisson distributions are included in this rich family of models.
We consider a situation where we have k regions and need to estimate k location quotients along with the corresponding confidence limits. We formulate the generalized linear framework by re-expressing equation (1) as
where p i is estimated by and the link function relating the outcome to the independent variables is a logarithmic transformation. The indicator variables I j , j = 1,…,k take on the value 1 if the region is j and 0 otherwise.
The estimated regression coefficients in the above model provide a point estimate of the location quotient in each area in a logarithmic scale. Exponentiating these estimates give the location quotients in their natural scale. For example, if the region of interest is region 1, then the indicator variable I 1 will take the value 1 and the remaining indicator variables will be zero. In this case, equation (8) becomes log(x 1 /n 1 ) = log(x/n) + β 1 , and a simple re-arrangement shows that the estimated regression coefficient is expressed as . Exponentiating this result leads to , which is the location quotient for region-1.
There are a number of attractive features with this formulation. Firstly, the model can be fitted using standard statistical software such as using the GENMOD procedure in the SAS statistical package [12] . The resulting estimators are maximum likelihood estimators that are well known to have desirable optimality properties. In fact the reasonˆˆˆ. we were able to take the anti-logarithm (using exponential) to get back to the natural scale for the location quotients from the logarithmic scale was due to the invariance property of the maximum likelihood estimates. The invariance property ensures that, if is the maximum likelihood estimator of θ, then g( ) is a maximum likelihood estimator of g(θ).
Secondly, confidence intervals for model parameters are by products of the modelling procedure. One of the intervals that can be extracted from fitting the generalized linear model is the profile-likelihood based interval. This approach is an iterative procedure which in general gives more accurate confidence limits, especially for small sample sizes [13] . In addition, significance levels are generated automatically that can be used along side the confidence intervals in order to test whether or not the LQ for a given region is significantly different from the null value of one (H 0 : LQ = 1) or to make comparisons across different regions.
Thirdly, as mentioned earlier, the GLM family encompasses a large number of commonly used statistical distributions. Thus one can use this framework for modelling indices that are based on health outcome measurements with different scales including continuous scale and categorical outcomes.
Results

Simulation results
A simulation study was carried out to investigate the performance of the methods for calculating confidence limits for the location quotient. Three areas with varying population sizes and incidence rates were considered. Table 1 summarizes confidence limits for the resulting three location quotients based on 1000 simulated data sets within each configuration. The average 2.5%-ile and 97.5%-ile values, shown in Table 1 along the rows designated by method "S", were used as "benchmarks" to compare the performance of the delta (D), Fieller (F), and profile-likelihood (P) methods.
Panel (a) in Table 1 shows results when area population sizes are relatively small with n 1 = 50, n 2 = 80, n 3 = 60, For this scenario, the results from the different approaches can differ, specially when the incidence rates are also small. For instance, when the three incidence rates are set to p 1 = 0.02, p 2 = 0.01, and p 3 = 0.10, both the delta and Fieller intervals resulted in negative lower limits, which would obviously be inappropriate for location quotients. In such cases, the profile-likelihood method may be preferable.
On the other hand, we observe a remarkable agreement among the different methods when population sizes are relatively large with n 1 = 2000, n 2 = 2500, n 3 = 1500. In this case, the accuracy of the results is quite good even when the incidence rates are small, i.e., the last 4 rows of Table  1 . Panel (b) provides results for moderate population sizes with n 1 = 500, n 2 = 900, n 3 = 100. Overall, the three methods lead to quite similar confidence intervals in this situation, with the delta method and Fieller's intervals being more close to each other.
Application to health utilization data
In this section, the different methods of estimating confidence interval for the location quotient are illustrated using a health utilization data set from Ontario, Canada. Data were extracted from the Ontario Health Insurance Plan (OHIP) database for all ambulatory specialist visits due to rheumatoid arthritis in the fiscal year 1996. The visits were assigned to census divisions based on where the patient was registered and not where services were received. Forty four censuses divisions were used for analysis. For each county, the LQ is defined as the ratio of two proportions with the numerator representing the number of visits to rheumatologists in the census division divided by the total number of specialist visits in the census division, and the denominator defined as the number of visits to rheumatologists for the province divided by the total number of specialist visits in the province.
For a given county, a location quotient of less than one indicates that the utilization of health care services is under represented compared to the provincial utilization rate. On the other hand, a location quotient of greater than one suggests that health care services utilization is greater than expected. A location quotient of one indicates lack of under or over concentration of utilization in the census division. Table 2 shows the data, along with the estimated location quotients and confidence intervals. The intervals based on the delta and Fieller's methods were identical to three decimal places. Therefore only the Fieller's lower and upper limits are shown in Table 2 and compared with the intervals based on the profile-likelihood results in the generalized linear models.
There is a remarkable agreement in the confidence intervals from both the Fieller and profile-likelihood approaches due to the fact that the denominator of the ratio is estimated with sufficiently high precision, which would be the case for applications with large sample sizes. Small relative differences are observed when sample sizes are small, as in counties 39 and 44 in Table 2 .
The LQ was significantly greater than 1, which is the entire confidence interval falls above 1, for 32% (14/44) of the census divisions, indicating significantly higher utilization of health care services for rheumatoid arthritis than θ θ the provincial rate. Similarly, 52% (23/44) of the census divisions showed a significantly lower utilization rate. The remaining 16% experienced a utilization rate compatible with the provincial rate.
Discussion
The location quotient (LQ) is one of several spatial measures that is widely used to examine spatial variation of area characteristics [14] . However, a frequently occurring 'gap' is the widespread use of LQ as a point estimate without an accompanying confidence interval. In this paper, we have demonstrated that confidence intervals for ratio parameters in general and location quotients in particular can be obtained using a number of complimentary approaches. Three techniques -the delta method, Fieller's interval, and profile-likelihood based interval from a generalized linear model -are presented and illustrated. We also demonstrated that if the denominator of the ratio is estimated with sufficiently high precision, then the methods introduced in this paper will produce very similar confidence intervals. The normal approximation to the binomial is used for the variance estimate for the calculation by the delta and Fieller methods. Hence it is not surprising that these methods do not perform well for small sample sizes and extreme proportions.
The techniques we described are generic and can be applied to a wide range of settings where ratio parameters are in use. The generalized linear model (GLM) approach is particularly appealing since the parameters of interest (in our application the location quotients) are estimated directly along with confidence intervals and significance levels. These considerations can be important in practical applications where there are several parameters to be estimated. For instance, for the health utilization data set we analyzed in this paper, 44 location quotients and their confidence intervals had to be generated and the modelling approach was the preferred method over the delta and Fieller's techniques.
